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Abstract: A monitoring system has been provided as a monitoring service as the demand from system
administrators increases. Providing a monitoring service requires high resolution time series, long-term re-
tention, high write scalability, and high availability to a time series database (T'SDB). On the other hand,
TSDBs in consideration of the extensibility of the data structures for function addtions of a monitoring ser-
vice has not been proposed so far. In this paper, we introduce a TSDB architecture for automatically tiering
on heterogeneous Key-Value Stores (KVS) that combines with an in-memory KVS and an on-disk KVS.
Our proposed architecture enables the TSDBs extensibility to duplicate the writes to new data structures
optimized each use case without reducing writing efficiency and the data storage efficiency by unbundling

for Automatically Tiering on Heterogeneous Key-Value Stores

the data structure on memory and disk as different KVSs.
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